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A Deep Learning Method for Predicting Electricity Usage
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In this paper, we investigate how to apply deep learnings for multimodal inputs. The target prob-
lem is the prediction of power consumption, which enable us to control the operating time of each
power plant in the short term and adapt the necessary amount of fossil fuels and other resources in
the long term. In this paper, therefore, we perform the prediction of power consumption by using
LSTM, which is a model that can handle time-series data. We employ the combination of tempera-
ture, precipitation and/or weather as multimodal inputs, which should be meteorological factors for

the power consumption. The prediction is depend on the model structure and the combination of

data.
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2.1 RNN (Recurrent Neural Network)
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2.2 LSTM (Long Short-Term Memory)
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