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Increasing Variation of Synthetic Speech Speakers by Voice Conversion Technology
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In this paper, we used voice conversion techniques on synthetic speech to increase the variation
of synthetic speech speakers. We performed voice conversion using ‘CycleGAN-VC2’ which is the
non-parallel voice conversion model that does not impose significant restrictions on training data
and evaluated output voices. The data set for the experiment was a synthetic voice with four different
speakers (two female and two male) from the ‘Google Cloud Text-to-Speech’ service for source
voices. For target voices, we prepared narration voices by the one male speaker.

As aresult of the experiment, the voice conversion process was properly performed except for one
type of female speaker, and it was possible to change the speaker. The problem with this method was
that the conversion process loses the human-like voice quality found in source voices. The conclusion
of our method is that it is useful for increasing variation of synthetic voice speakers if the
transformation process can be made to sufficiently satisfy quality preservation.
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