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In this paper, we investigate deep learning methods to predict electricity consumption. We em-
ploy RNN (Recurrent Neural Network) and LSTM (Long Short-Term Memory), both of which are

applicable in handling time-series data, to predict electricity usage. The target data are hourly, daily,

and weekly electricity consumption data. The purpose of this paper is to investigate prediction accu-

racy for various structures of RNN and LSTM. The results show that the prediction accuracy surely

depends on either RNN or LSTM and its structure for each of the hourly, daily, and weekly forecasts.
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